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The Effect of Banning Affirmative Action on College Admissions Policies and Student Quality Kate Antonovics Ben Backes A B S T R A C T



Using administrative data from the University of California (UC), we present evidence that UC campuses changed the weight given to SAT scores, high school GPA, and family background in response to California’s ban on racebased affirmative action, and that these changes were able to substantially (though far from completely) offset the fall in minority admissions rates. For both minorities and nonminorities, these changes to the estimated admissions rule hurt students with relatively strong academic credentials and whose parents were relatively affluent and educated. Despite these compositional shifts, however, average student quality (as measured by expected first-year college GPA) remained stable.



I. Introduction In the last two decades, public universities in a growing number of states have stopped practicing race- based affirmative action in admissions because of various court rulings, voter initiatives, and administrative decisions. In addition, the United States Supreme Court’s recent decision in Fisher v. University of Texas makes it harder for public universities to justify race- based admissions policies, and many believe the Supreme Court will place further limits on affirmative action in college admissions when it issues its ruling in Schuette v. Coalition during 2014. Kate Antonovics is a Lecturer with Security of Employment in the Economics Department at UC-San Diego. Ben Backes is a Research Associate at the Program in Analysis of Longitudinal Data in Education Research at the American Institutes for Research (AIR). They are grateful to David Bjerk, Julie Cullen, Peter Hinrichs, Cory Koedel, Mark Long, Valerie Ramey, Rick Sander, Tim Sass, participants in the Southern California Conference in Applied Microeconomics, and two anonymous referees for helpful comments. Ben Backes was supported in part by grants from both the Bill & Melinda Gates Foundation and the Smith Richardson Foundation to CALDER at the American Institutes for Research. The opinions expressed are those of the authors and do not represent views of the Institute or the funders. The data used in this article can be obtained beginning October 2014 through September 2017 from Kate Antonovics, [email protected]. The online appendix may be found at http: // jhr.uwpress.org. [Submitted July 2013; accepted September 2013] ISSN 0022-166X E- ISSN 1548-8004 © 2014 by the Board of Regents of the University of Wisconsin System T H E J O U R N A L O F H U M A N R E S O U R C E S • 49 • 2



296



The Journal of Human Resources



Given that university administrators remain committed to promoting racial diversity, a natural question is to what extent racial diversity can be maintained using policies that do not run afoul of the legal and judicial constraints placed on traditional race- based affirmative action. Another important question is whether these policies are likely to affect overall student quality. For example, if universities respond to bans on affirmative action by giving an admissions advantage to students from economically disadvantaged backgrounds, what impact would such policies have on the quality of admitted students? Knowing the answers to these questions is important not only for understanding the implications of eliminating race- based affirmative action but also because the U.S. Supreme Court’s decision in Grutter v. Bollinger emphasizes that the use of race is only permissible if there has been “serious, good faith consideration of workable raceneutral alternatives that will achieve the diversity the university seeks,” and the Supreme Court’s recent decision in Fisher v. University of Texas strongly affirms this.1 Thus, the legality of race- based affirmative action appears to hinge at least partly on the extent to which universities are able to successfully achieve racial diversity using alternative policies, and any evaluation of whether these alternative policies are “workable” presumably must take into consideration their impact on student quality. In an effort to answer these questions, this paper examines the end of race- based affirmative action at the University of California (UC). In November 1996, California voters passed Proposition 209 (Prop 209), which banned the use of racial preferences in university admissions. Due to various legal challenges, the implementation of Prop 209 was delayed so that the UC’s incoming class of 1998 was the first to be admitted under the statewide ban on affirmative action. Using administrative data from the University of California, we find that the removal of explicit racial preferences dramatically lowered the admissions rates of underrepresented minorities (URMs) relative to non- URMs at selective UC campuses. Our results also suggest, however, that UC schools responded to the ban on race- based affirmative action by lowering the weight given to SAT scores and increasing the weight given to high school GPA and family background in determining admissions.2 While these changes were unable to restore URM admission rates to their pre- Prop 209 levels, our results suggest that the relative decline in URM admission rates would have been substantially larger had UC schools not changed their admissions policies. Nonetheless, we show that not all URMs benefitted equally from these changes to the admissions process. For both URMs and non- URMs, those who experienced the largest relative drop in their predicted probability of admission were those with relatively strong academic credentials and whose parents were relatively affluent and educated. In light of this, we investigate the possible inefficiencies generated by the elimination of race- based affirmative action and find that while the changes to the admissions process led to a meaningful shift in the composition of likely admits, overall student quality (as measured by expected first- year college GPA) appears to have remained quite stable. 1. The term “race- neutral” refers to what we define below as “color- blind.” 2. It is well known that the UC system also attempted to bolster URM enrollment through increased recruitment efforts though it is difficult to quantify the effect of these programs, many of which were long- term in nature.
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II. Related Literature The literature on affirmative action typically draws a distinction between “color- sighted” affirmative action, wherein there are explicit racial preferences in admissions, and “color- blind” affirmative action, wherein colleges adopt policies that implicitly favor minorities by giving an admissions preference to students who possess characteristics that are positively correlated with being a minority but without explicitly taking race into account. Both forms of affirmative action stand in contrast to laissezfaire admission regimes in which race is not considered either explicitly or implicitly. Because bans on affirmative action only prohibit the use of explicit racial preferences, we would expect these bans to lead universities to move from color- sighted to color- blind affirmative action. From a theoretical standpoint, Chan and Eyster (2003), Ray and Sethi (2010), and Fryer, Loury, and Yuret (2008) each show that the move from color- sighted to color- blind affirmative action will decrease the average quality of admitted students (regardless of race) since color- blind affirmative action will lead admissions officers to place less weight on applicants’ academic qualifications. Additionally, both Fryer, Loury, and Yuret (2008) and Hickman (2012) show that, relative to color- sighted affirmative action, color- blind affirmative action may lower students’ incentives to invest in human capital. Complementing our empirical work, Long and Tienda (2008) examine how the admissions process changed at public universities in Texas after the affirmative action ban imposed by the 1996 Hopwood ruling. Consistent with our results, Long and Tienda find evidence that University of Texas (UT) Austin and Texas A&M changed their admissions policies to implicitly favor URMs by decreasing the importance of SAT scores and increasing the preference given to students from disadvantaged high schools, but evidence also shows that these changes were unable to restore URM admission rates to their preban levels. Unlike Long and Tienda, however, we also comprehensively assess the extent to which the new admissions policies at the UC affected overall student quality.3 As mentioned above, this type of assessment is central to legality of race- based affirmative action because race- based affirmative action is only permissible if universities are unable to find other workable means of promoting racial diversity, and, presumably, a comprehensive evaluation of whether such alternative policies are workable must include not only an assessment of the extent to which they are able to restore racial diversity, but also their impact on student quality. For example, an admissions policy that randomly accepts applicants would produce a pool of admitted students with the same racial composition as the applicant pool but may not be deemed “workable” because of its likely negative impact on student quality. While the theoretical literature has long acknowledged the link between banning race- based affirmative action and student quality, our paper is the first to broadly investigate this issue using data from before and after a ban on race- based affirmative action. We see this as one of the major contributions of our paper. 3. Table 4 of Long and Tienda indicates that the new admissions policies led to a small reduction in the SAT / ACT scores of admitted students, but their paper does not otherwise examine student quality. Using changes in SAT scores alone to capture changes in student quality will be misleading if, for example, universities trade off SAT scores and high school GPA in order to preserve student quality.
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In addition, our data enable us to look at a larger number of schools than do Long and Tienda, allowing us to more fully explore how the policy response varied depending on the overall level of selectivity of the school and the extent to which the school practiced race- based affirmative action prior to the ban. We also have richer information on students’ family background, which turns out to be important for understanding the UC system’s response to Prop 209. Finally, it is important to keep in mind that the policy response to the affirmative action ban was somewhat different in California than Texas. In particular, one year after the University of Texas stopped using race- based affirmative action in admission, it introduced a top 10 percent plan whereby students in the top 10 percent of their high school class were guaranteed admission to any Texas public university. This meant that in Texas admission discretion was limited to non- top 10 percent admits, which comprised only 30 percent of UT Austin’s incoming class in 2003 (Tienda and Niu 2004). California adopted a similar policy in 2001 (known as “Eligibility in a Local Context”), but this plan was significantly weaker than Texas’ plan both in that the guarantee was only offered to students in the top 4 percent of their high school class and California’s plan only guaranteed a student admission to at least one UC school (and not necessarily the school of his or her choice, as was the case in Texas).4 Thus, in California, the primary tool available to admissions offices to bolster minority admission rates was to change the weights given to various student characteristics in the admissions process. Also related to our paper, Yagan (2012) examines the effect of Prop 209 on the admission rate of minorities and nonminorities at Berkeley and UCLA law school. His data, however, do not allow him to fully examine the extent to which admissions officers changed the weight given to various student characteristics or any resulting changes in student quality. We also note a number of papers that examine whether affirmative action creates a problematic mismatch between the quality of the average student and the quality of the average minority. (See, for example, Sander 2004, Rothstein and Yoon 2008, and Arcidiacono et al. 2012.) In this paper, we focus on overall student quality rather than on the mismatch between a student’s academic credentials and that of his or her peers.



III. Data and Empirical Strategy We begin by investigating how each of the eight UC campuses changed its admissions policy in response to Prop 209. To do so, we use administrative data on every fall freshman applicant to the UC from 1995–2006. The data contain individual- level information on each student’s race, high school GPA, SAT scores, parental income, and parental education.5 In addition, the data report the campuses to 4. Starting with the fall freshman class of 2012, the admissions guarantee was extended to students in the top 9 percent of their high school class. Our analysis, however, only extends through the fall freshman class of 2006. 5. The measure of high school GPA available in the data is UC- adjusted high school GPA, which gives increased weight to AP courses and only counts certain kinds of courses. SAT scores are reported at their post-1995 recentered values. Parental income and parental education are reported by the student, and parental education is the highest education level of either parent. Unfortunately, gender is not included in the data, and
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which each student applied, the campuses that accepted the applicant, and the campus at which the student enrolled, if any.6 In an effort to protect student privacy, the UC Office of the President (UCOP) collapsed many important variables into descriptive categories before releasing the data. Thus, for example, SAT scores are reported in seven bins and high school GPA is reported in four bins. To facilitate comparison across these different measures of academic ability, we assign the midpoint of each bin to be the student’s test score (or grade) and then standardize so each is mean zero with a standard deviation of one. Parental income and parental education are also reported in bins (11 for parental income and eight for parental education), and we again assign to each student the midpoint of his or her bin. Year of application is grouped into three- year cohorts (1995–97, 1998–2000, 2001–03 and 2004–06). By design, the second three- year application cohort begins in 1998, the year the ban on racial preferences was implemented. Finally, race is collapsed into four categories: white, Asian, URM, and other / unknown. The URM category includes Native Americans, blacks, Chicanos, and Latinos, which are the primary groups that received preferential treatment before Prop 209. The other / unknown category includes both students who indicate that their race falls outside the categories used by the university, as well as students who choose not to reveal their race (a group that grew substantially after Prop 209 went into effect). In our empirical analysis, we compare admissions rates of URMs with the combined set of whites, Asians, and other / unknown. Our primary reason for grouping students in the other / unknown category with whites and Asians is that the average characteristics of students in the other / unknown group are very close to the average characteristics of whites and Asians. Nonetheless, our results are not sensitive to dropping the other / unknown group. Table 1 presents basic summary statistics.7 As might be expected, relative to nonURMs, URMs who applied to the UC have lower average SAT scores, lower average high school GPAs, and come from families with lower parental income and education. The bottom panel of Table 1 also presents the admission rates for URMs and non- URMs at each of the eight UC campuses for each admission cohort. As the table shows, there was a substantial drop in URMs’ relative chances of admission starting with the 1998–2000 application cohort, especially at the more selective UC schools. Letting Ai = 1 if an applicant to a given school is admitted and Ai = 0 if the applicant is not admitted, we estimate a probit model of the likelihood that a student who applies to a given school is admitted. That is, we estimate (1) Pr( Ai = 1) = (1URM i + X ′i  2 +  3 (URM i ∗ Posti ) + ( X ′i Posti ) 4 + ε i ), where URMi is an indicator that takes on a value of one if the student is black, Hispanic, or Native American (with whites and Asians being the excluded group), Xi is a vector of student- level characteristics used in determining admissions (SAT scores, high school GPA, parental income, and parental education) plus a constant term, Posti the decile rank of the student’s high school on California’s Academic Performance Index (a measure of high school quality) is only available starting in 2001. Additional information about this publicly available data set can be found in Antonovics and Sander (2013). 6. The eight UC campuses are Berkeley, Los Angeles, San Diego, Santa Barbara, Davis, Irvine, Santa Cruz, and Riverside. 7. Here we present the unstandardized versions of SAT scores and high school GPA.
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Observations



Parental income / 50,000 Parent at least College



High school GPA



SAT verbal



SAT math



110,072



614 (86) 580 (95) 3.7 (0.5) 1.3 (0.66) 0.73 (0.44)



95–97



Table 1 UCOP Summary Statistics



121,598



617 (86) 583 (94) 3.7 (0.49) 1.4 (0.66) 0.72 (0.45)



98–00



131,539



620 (86) 582 (94) 3.7 (0.49) 1.5 (0.66) 0.72 (0.45)



01–03



Non- URM



124,880



619 (87) 584 (94) 3.7 (0.48) 1.5 (0.68) 0.69 (0.46)



04–06



26,694



528 (93) 525 (93) 3.4 (0.48) 0.91 (0.61) 0.37 (0.48)



95–97



27,707



534 (93) 527 (93) 3.5 (0.49) 0.99 (0.63) 0.36 (0.48)



98–00



URM



35,274



532 (93) 519 (93) 3.5 (0.49) 1 (0.65) 0.34 (0.47)



01–03



41,457



528 (92) 519 (92) 3.5 (0.48) 1 (0.65) 0.31 (0.46)



04–06
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0.28 0.32 0.44 0.67 0.63 0.54 0.82 0.88



0.32



0.38



0.59



0.72 0.73 0.78



0.84



0.85



0.91



0.84



0.64 0.59 0.51



0.43



0.26



0.24



0.89



0.77



0.63 0.62 0.54



0.45



0.27



0.25



0.81



0.84



0.85 0.68 0.78



0.58



0.47



0.52



0.82



0.76



0.62 0.53 0.52



0.32



0.25



0.25



0.83



0.75



0.58 0.46 0.49



0.34



0.21



0.24



0.82



0.69



0.58 0.44 0.52



0.36



0.18



0.20



Notes: Includes all students who applied to any UC school from 1995–2006 with complete data on SAT scores, high school GPA, parental income and parental education. NonURM includes white, Asian, and other / unknown. URM includes blacks, Hispanics, and Native Americans. Standard deviations in parentheses.



Admitted to Berkeley Admitted to UCLA Admitted to UCSD Admitted to UCD Admitted to UCI Admitted to UCSB Admitted to UCSC Admitted to UCR
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is an indicator that takes on a value of one if the student applied after Prop 209 went into effect (though, in practice, we include indicators for each of the three post- Prop 209 time periods: 1998–2000, 2001–03, or 2004–06), and Φ(·) is the standard normal cumulative distribution function. Our estimates of Equation 1 form the backbone of most of our empirical analysis, with δ3 and δ4 capturing the change in the predictive power of race and other student- level characteristics after the implementation of Prop 209.8 Of course, campuses have a much richer set of information about students than we do. For example, we have no information on the quality of student essays or the extracurricular activities in which students are involved. In addition, the admissions process is more complex than can be captured by the simple model above. Thus, we cannot estimate the true admissions rule for each campus.9 Nonetheless, to the extent that we know many of the most salient pieces of information used in determining admissions, we are broadly able to characterize the admissions process for each application cohort and its changes over time.



IV. Results Figure 1 presents our estimates of Equation 1, with the height of each bar representing the average change in students’ probability of admission given a oneunit change in the various predictors of admission both before and after the implementation of Prop 209. We present our results graphically in order to facilitate comparisons across the different UC campuses and across the different predictors of admissions.10 As Panel A suggests, substantial racial preferences were in place prior to Prop 209, especially at the more selective UC schools. For example, at Berkeley, URMs were over 40 percentage points more likely to be admitted than similarly qualified nonURMs, and after Prop 209 this association fell dramatically. Even after Prop 209, however, URMs were still more likely than similarly qualified non- URMs to be admitted to UC schools. This could arise even if admissions officers were not practicing racebased affirmative action, but instead favored student attributes correlated with being a URM but that we do not observe in our data. As Panel B shows, SAT math scores also became a much less important predictor of admissions after Prop 209, particularly at the more selective UC schools. At Berkeley, for example, prior to Prop 209, a one standard deviation increase in SAT math scores was associated with almost an 11 percentage point increase in a student’s chances of admission. After Prop 209, however, this association fell to less than six percentage points. At Berkeley and UCLA, the two schools that appear to have practiced the most 8. Our results are very qualitatively similar if we also include an interaction between URMi and Xi. See Table A.2 of our online appendix. 9. For example, Rothstein (2004) shows that in the absence of a rich set of controls, SAT scores serve in part as a proxy for student background characteristics. 10. For readers interested in seeing the exact numbers underlying Figure 1, please see Table A.1 in our online appendix. Additionally, Table A.3 in our online appendix shows the predictors of admission to the UC system as a whole. Because most students who applied to the more selective UC schools also applied to a less selective UC school, presumably as a safety school, the predictors of admission to the UC system are similar to the predictors of admission to the less selective UC schools, especially UCSC and UCR.
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(a)



URM



0.45 0.40 0.35 0.30 1995-1997



0.25



1998-2000



0.20



2001-2003



0.15



2004-2006



0.10 0.05 0.00 Berkeley UCLA



UCSD



UCD



UCI



UCSB



UCSC



UCR



-0.05



(b)



SAT Math



0.25 0.20 0.15 0.10



1995-1997 1998-2000



0.05



2001-2003 2004-2006



0.00 Berkeley UCLA



UCSD



UCD



UCI



UCSB



UCSC



UCR



-0.05 -0.10 -0.15



Figure 1 Changes in Predictors of Admissions Notes: The height of each bar shows the average change in students’ predicted probability of admission given a one- unit change in the relevant student characteristic. Estimates derived from a probit model of a student’s likelihood of admission. See text for details. Standard errors are indicated by standard error bars.
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(c)



SAT Verbal



0.25 0.20 0.15 0.10



1995-1997 1998-2000



0.05



2001-2003 2004-2006
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UCSD



UCD
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UCSB



UCSC
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-0.05 -0.10 -0.15



(d)



HS GPA
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Figure 1 (continued)
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(e)



Parents’ Highest Degree At Least College
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(f)
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Figure 1 (continued)
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extensive affirmative action prior to Prop 209, we also see that SAT verbal scores became a less important predictor of admission, though this pattern is not consistent across all eight campuses. We also see in Panel D that UC- adjusted high school GPA generally became a more important predictor of admission. Prior to Prop 209, for example, a one standard deviation increase in UC- adjusted high school GPA was associated with a 14 percentage point increase in the probability of admission to Berkeley, and by 2004–06 this increased to 22 percentage points. In addition, in Panels E and F we see evidence that, all else equal, students from disadvantaged backgrounds were more likely to receive offers of admission after Prop 209. At Berkeley and UCLA, for example, the negative association between parental income and admission doubled, and at UCSD it nearly tripled.11 As mentioned above, using these coefficient estimates to make inferences about the changes in the admissions process is complicated by the fact that we do not observe all of the criteria used by admissions officers in determining admissions. For example, the fact that high school GPA became a more important predictor of admission could reflect the possibility that after Prop 209 an increased preference was given to students from disadvantaged high schools, where applicants to the UC were likely to have a relatively high GPA. Nonetheless, it is clear from Figure 1 that student characteristics associated with SAT test scores (including SAT scores themselves) generally became less important in determining admissions while those associated with high school GPA and being from a disadvantaged background became more important in determining admissions.12 Interestingly, this finding is largely consistent with the theoretical prediction in Fryer, Loury, and Yuret (2008) that schools that are prohibited from using race as an explicit criterion in admission will place less emphasis on traits that predict academic performance and more emphasis on traits that proxy for race.13 Of course, it is important to note that even if the elimination of race- based affirmative action led to no changes to the relative weights placed on applicant characteristics other than setting the weight on URM to zero, then we still would expect to observe an increase in the estimated average marginal effect of other applicant characteristics in predicting admission. For example, consider the extreme case in which, prior to Prop 209, the positive weight placed on URM was so large that all URMs were admitted regardless of their academic and family background characteristics. This would tend to dampen the estimated average marginal effect of an applicant’s academic and family background characteristics on the likelihood of admission (because, for URMs, the marginal effect would be zero). Accordingly, setting the weight on URM to zero after the elimination of race- based affirmative action would lead to an increase the estimated average marginal effect of academic and family background characteristics 11. We obtain similar results when dividing the sample between intended science majors and non intended science majors. 12. The UC implemented a comprehensive review process beginning with the incoming class of 2002 in which factors such as “academic accomplishments in light of an applicant’s life experiences and special circumstances, such as low family income or first generation to attend college” were emphasized. To the extent we see effects concentrated in later periods, comprehensive review could be a contributing factor. 13. To see which student characteristics proxy for race, Table A.4 of our online appendix shows the marginal effects from a multinomial logistic regression for racial group on SAT scores, high school GPA, parental income, and parental education for all applicants to the UC system from 1995–2006.
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even if there were no change in the weights given to these factors. To verify that this is not what is driving our results, we repeat our analysis looking only at non- URMs and get very similar findings.14 Another concern is whether the apparent changes in admissions process shown in Figure 1 could have been driven by fundamental changes in the determinants of college success or changes in the relationship between observable and unobservable student characteristics due to changes in the composition of the applicant pool or other changes in the admissions process. For example, it could be the case that admission officers placed less weight on SAT scores over time because of changes in the education production function that lessened the importance of SAT scores in determining college success. Alternatively, SAT scores may have become less important in predicting admissions solely because the applicant pool changed in ways that led SAT scores to become more strongly correlated with unobservable factors that decreased students’ chances of admission.15 Under either scenario, however, if college admissions officers seek to admit students with characteristics that positively predict college success, then the fall in the importance of SAT scores in predicting admission should be associated with a decline in the importance of SAT scores in predicting college performance. We investigate this possibility by regressing first- year college GPA on SAT scores, high school GPA, family background characteristics, and intended college major for students who enroll at each UC school (except UCSC, where data on first- year college GPA are missing from 1995–2000), with results displayed in Table 2.16 We find very little change in the ability of SAT scores, high school GPA, or family background characteristics to predict college success. In fact, if anything, we find evidence SAT scores became a more important predictor of first- year college GPA, while high school GPA became a less important predictor of first- year college GPA, particularly at the more selective UC schools. Thus, the apparent changes in the weight given to SAT scores, high school GPA, and family background characteristics in the admissions process do not appear to be driven by changes in how well these factors predict college performance.17 A. Changes in URMs’ relative admission rates How did the decreased importance of SAT scores and the increased importance of high school GPA and family background affect the admission rates of students from different racial groups? To examine this, we use our estimates from Equation 1 to calculate the change over time in each student’s predicted probability of admission due to the changes in the predictors of admission. In doing this, we treat all students as if they were white (that is, we set URM = 0) so that any change over time in a student’s predicted probability of admission is driven only by the changes in the weights given to 14. See Table A.5 of our online appendix. 15. We note, however, that evidence from Dickson (2006), Furstenberg (2010), Long (2004), Card and Krueger (2005), and Antonovics and Backes (2013) generally suggests that the elimination of race- based affirmative action had a small effect on application behavior. 16. Adding intended college major is important because students with high SAT math scores tend to major in the sciences where first- year college GPA is relatively low. 17. See Tables A.6 and A.7 of our online appendix to see this analysis done separately for URMs and nonURMs.
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HS GPA* (2004–2006)



HS GPA* (2001–2003)



HS GPA* (1998–2000)



HS GPA



SAT verbal* (2006–2006)



SAT verbal* (2001–2003)



SAT verbal* (1998–2000)



SAT verbal



SAT math* (2004–2006)



SAT math* (2001–2003)



SAT math* (1998–2000)



SAT math



0.05*** (0.01) 0.01 (0.01) 0.06*** (0.01) 0.04*** (0.01) 0.09*** (0.01) 0.01 (0.01) 0.03*** (0.01) 0.04*** (0.01) 0.23*** (0.01) –0.03*** (0.01) –0.06*** (0.01) –0.05*** (0.01)



Berkeley



Table 2 Predictors of First-Year College GPA



0.10*** (0.01) –0.02** (0.01) –0.03*** (0.01) –0.05*** (0.01) 0.11*** (0.01) 0.01 (0.01) 0.03** (0.01) 0.02* (0.01) 0.23*** (0.01) –0.02** (0.01) –0.02 (0.01) –0.01 (0.01)



UCLA 0.10*** (0.01) –0.00 (0.01) 0.03** (0.01) 0.01 (0.01) 0.09*** (0.01) 0.01 (0.01) 0.01 (0.01) 0.00 (0.01) 0.23*** (0.01) 0.03** (0.01) 0.00 (0.01) –0.02** (0.01)



UCSD 0.10*** (0.01) 0.00 (0.01) 0.00 (0.01) 0.01 (0.01) 0.11*** (0.01) 0.02** (0.01) –0.01 (0.01) 0.01 (0.01) 0.23*** (0.01) –0.01 (0.01) 0.01 (0.01) 0.02** (0.01)



UCD 0.10*** (0.01) –0.01 (0.01) –0.01 (0.01) –0.03*** (0.01) 0.15*** (0.01) –0.03*** (0.01) –0.00 (0.01) 0.01 (0.01) 0.23*** (0.01) –0.04*** (0.01) –0.01 (0.01) –0.02** (0.01)



UCI 0.07*** (0.01) –0.02** (0.01) –0.01 (0.01) 0.01 (0.01) 0.12*** (0.01) 0.00 (0.01) 0.01 (0.01) –0.00 (0.01) 0.22*** (0.01) 0.00 (0.01) 0.00 (0.01) 0.01 (0.01)



UCSB



0.04*** (0.01) –0.01 (0.02) 0.01 (0.01) 0.02 (0.01) 0.10*** (0.01) 0.02 (0.02) 0.00 (0.02) 0.03* (0.02) 0.24*** (0.01) –0.02 (0.01) 0.01 (0.01) 0.02 (0.01)



UCR
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34,065 0.20 3.14



0.06*** (0.01) –0.01 (0.02) –0.01 (0.02) –0.00 (0.02) 0.02** (0.01) 0.03** (0.01) 0.01 (0.01) 0.01 (0.01) 39,533 0.25 3.09



0.06*** (0.01) –0.01 (0.02) 0.01 (0.02) 0.01 (0.02) 0.03*** (0.01) 0.01 (0.01) 0.01 (0.01) 0.01 (0.01) 34,767 0.18 2.96



0.07*** (0.01) –0.01 (0.02) 0.00 (0.02) –0.01 (0.02) 0.03*** (0.01) 0.03** (0.01) 0.02 (0.01) 0.03** (0.01) 40,171 0.23 2.77



0.05*** (0.01) –0.02 (0.02) 0.01 (0.02) 0.02 (0.02) 0.03*** (0.01) –0.01 (0.01) 0.00 (0.01) 0.00 (0.01) 35,972 0.20 2.81



0.01 (0.01) 0.03 (0.02) 0.06*** (0.02) 0.03 (0.02) 0.01 (0.01) 0.02 (0.01) 0.01 (0.01) 0.01 (0.01) 34,881 0.26 2.90



0.08*** (0.01) –0.00 (0.02) –0.01 (0.02) 0.04** (0.02) 0.02*** (0.01) 0.02 (0.01) 0.01 (0.01) 0.01 (0.01)



27,099 0.18 2.62



0.08*** (0.02) –0.03 (0.03) –0.03 (0.03) –0.01 (0.03) 0.01 (0.02) 0.02 (0.02) 0.02 (0.02) 0.04* (0.02)



Notes: OLS estimates of first- year GPA. First- year GPA was not reported at UCSC for 1995–2000 so UCSC is omitted from this table. Other controls include intended science major, intended social science major, interactions between year and major, and year dummy variables. *** p < 0.01, ** p < 0.05, * p < 0.10.



Observations R- squared Mean GPA (1995–2006)



Income / 50,000* (2004–2006)



Income / 50,000* (2001–2003)



Income / 50,000* (1998–2000)



Income / 50,000



Parent college* (2004–2006)



Parent college* (2001–2003)



Parent college* (1998–2000)



Parent college
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SAT scores, high school GPA, and family background characteristics. We then average these student- level changes across students within each racial group to determine the average change in the predicted probability of admission for each racial group. Finally, to see how the predicted admission rate changed for URMs relative to whites, we calculate the difference between the average change in URMs’ predicted probability of admission and the average change in whites’ predicted probability of admission (a difference- in- difference type calculation). We also do a similar calculation for Asians and whites.18 Figure 2 shows the results of this exercise.19 The figure focuses on the top four UCs (as measured by the average math SAT scores of admitted students) because these schools practiced the most extensive affirmative action prior to Prop 209 and so were the most constrained by the passage of Prop 209. As the figure indicates, the change in the importance of SAT scores, high school GPA, and family background in predicting admission appears to have had a large, positive, and statistically significant impact on URMs’ relative chances of admission at each of the four schools. At Berkeley, for example, we estimate that by 2004–06, the decrease in the importance of SAT scores and the increase in the importance of high school GPA and family background in predicting admissions led URMs’ relative chances of admission to increase by seven percentage points compared to 1995–97. In addition, this increase generally appears to have grown over time. At UCLA, for example, the increase in URMs’ relative chances of admission grew from about six percentage points by 1998–2000 to about 11 percentage points by 2004–06 (compared to 1995–97). Thus, to the extent that campuses changed their admissions policies to implicitly favor URMs after Prop 209, Figure 2 suggests that they got better at doing so over time. On one hand, the magnitude of these changes is quite small. For example, prior to Prop 209, Figure 1 shows that URMs were approximately 42 percentage points more likely to be admitted to Berkeley than similarly qualified non- URMs, and immediately after Prop 209 this gap fell to about 13 percentage points. If we interpret this 29 percentage point drop as the direct result of the end of racial preferences, then it’s clear that the small increases in URMs’ relative chances of admission shown in Figure 2 are nowhere near big enough to restore URMs’ admissions rates to their pre- Prop 209 levels. Indeed, we know there was a large observed drop URMs’ relative chances of admission after Prop 209. On the other hand, the fall in URMs’ relative admissions rates would have been substantially larger had UC schools not changed their admissions process to implicitly favor URMs. For example, as Figure 2 suggests, by 1998–2000 the change in the weights given to SAT scores, high school GPA, and family background at Berkeley increased URMs’ relative chances of admission by about five percentage points so that Berkeley was able to restore roughly 17 percent of the 29 percentage point direct fall in URMs’ relative chances of admission. The corresponding rebound figures are 28 percent for the 2001–03 cohort and 21 percent for 2004–06 cohort. Notably, these magnitudes coincide closely with Long and Tienda (2008), who found that at UT 18. In order to ensure that our results are not driven by changes in the characteristics of the applicant pool over time, we conduct this analysis only for students who apply in the 1995–97 application cohort, though our results are not sensitive to which application cohort we use. 19. Table A.8 of our online appendix shows the numbers used to generate Figure 2.
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Berkeley
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UCLA
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Figure 2 Relative Changes in Admission Rate Due to Non-Race Related Changes in Estimated Admission Rule. Notes: The height of each bar shows the change in the predicted probability of admission due to changes in the estimated admissions rule for URMs relative to whites and for Asians relative to whites in each time period (relative to 1995–97), treating all students as if they were white (that is, setting URM = 0). Estimates derived from a probit model of a student’s likelihood of admission. See text for details. “Rebound” (in parentheses) indicates the percentage by which the relative change in URMs’ likelihood of admission due to changes in the estimated admission rule was able to counteract the direct fall in URMs’ relative chances of admission due to the end of race- based affirmative action. (Similar numbers are not shown for Asians since affirmative action was not targeted at them.) Standard errors indicated by standard error bars.



312



The Journal of Human Resources



(c)



UCSD



0.12 (67% Rebound) (60% Rebound)



0.10 0.08 0.06



(31% Rebound)



0.04 0.02 0.00 1998-2000



2001-2003 URM- White



(d)



2004-2006



Asian- White



UCD



0.12 0.10 0.08



(53% Rebound) (41% Rebound)



(47% Rebound)



0.06 0.04 0.02 0.00 1998-2000



2001-2003 URM- White



Figure 2 (continued)
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Austin, Texas’ flagship public university, there was a 33 percent rebound in the share of admitted students who were black or Hispanic due to the changes in the weights given to various student characteristics after the end of race- based affirmative action in 1997. The fact that our results line up so closely with theirs reinforces the findings of both studies. For the remaining campuses, the rebound figures are generally larger.20 The largest increase was at UCSD, where by 2004–06, the changes in the estimated admission rule were able to restore 67 percent of the estimated direct fall in URMs’ relative chances of admission. The relative increase in URMs’ chances of admission is also large in terms of the implied number of additional URM admits. For example, given that there were approximately 20,000 in- state fall freshman URM applicants to Berkeley in the 2004–06 cohort, the seven percentage point increase in URMs’ relative chances of admission by 2004–06 translates into about 1,400 additional URM admits over this three- year time period (and about 40 percent of those who are admitted enroll). Interestingly, the estimated changes in the admissions rule also appear to have positively affected Asians’ relative chances of admissions though the magnitude is considerably smaller than for URMs. This increase is driven by the fact that Asian applicants to the UC have lower parental income and parental education than otherwise similar whites. Finally, the relative change in URMs’ and Asians’ predicted probability of admissions at the remaining four campuses was generally negative, though the magnitude of the decline was typically quite small.21 There are two reasons we might expect to find less salient changes to the admissions process at the less selective campuses after Prop 209. First, there were not strong URM preferences before Prop 209 so less selective UCs were not as affected by the ban as the more selective campuses. Second, Prop 209 may have displaced many URMs who otherwise would have gone to a more selective UC, leading to an increase in the yield rates (the fraction of admitted students who enroll) at the less selective UCs. Thus, the less selective UCs were likely able to enjoy an increase in their URM enrollment shares without making any changes to their admissions process.22 B. The biggest losers Any change to a school’s admissions policy necessarily will help some students and hurt others. In this section, we compare the average characteristics of the biggest losers (in terms of their predicted probability of admission) to the average characteristics of all applicants. In particular, for every student who applied to a given UC school between 1995 and 2006, we calculate their predicted probability of admission given the estimated admission rule in 1995–97 and compare it to their predicted probability of admission given the estimated admission rule in 2004–06. For URMs and nonURMs separately, we identify the 20 percent of students whose predicted probability 20. See the “Rebound” numbers in parentheses in Figure 2. 21. See Table A.8 of our online appendix for details. 22. We thank an anonymous referee for pointing these heterogeneous effects over the range of campus selectivity.



313



314



The Journal of Human Resources



fell the most. We then compare the average characteristics of this bottom 20 percent to the average characteristics of all applicants. As Table 3 shows, the 20 percent of non- URM applicants who were the hardest hit by the changes to the estimated admissions rule experienced a substantial drop in their predicted probability of admission at virtually every UC school. At Berkeley, for example, this group experienced a 25 percentage point drop in their predicted probability of admission compared to a fall of only 9 percent for the average applicant. Thus, the changes to the estimated admissions rule in the wake of Prop 209 did not just adversely affect URMs. As Table 3 also shows, the non- URMs who experienced the largest drop in their predicted probability of admission were those with relatively high SAT scores, high parental income, and high parental education, especially at the more selective UC schools (where Prop 209 had the greatest bite). At Berkeley, for example, the combined math and verbal SAT score of the 20 percent of non- URM applicants who experienced the largest fall in their predicted probability of admission was an average of 142 points higher than the SAT score of the average non- URM applicant. In addition, the parents of non- URMs in the bottom 20 percent earned approximately $112,000 per year and had an 89 percent chance that at least one parent had gone to college compared to the average applicant whose parents earned approximately $93,000 per year and had a 75 percent chance that at least one parent had gone to college. Whether these changes are “good” (because they suggest a greater emphasis on socioeconomic diversity) or “bad” (because some of the hardest hit applicants are the most academically qualified) is a subjective question. What is clear from Table 3, however, is that eliminating race- based affirmative action (and the accompanying changes to the admissions process) does not universally help non- URMs. We find similar patterns for URMs; those who experienced the largest drop in their predicted probability of admission tended to have relatively high SAT scores and come from relatively affluent and educated families, especially at the more selective UC schools.23 Thus, a possible negative consequence of eliminating race- based affirmative action is that the URMs who experience the largest fall in their predicted probability of admission are those who are the most academically qualified to begin with. Of course, a counterargument to this claim is that in the absence of race- based affirmative action, URMs will be admitted to schools where they are better matched in terms of academic credentials and so will be more likely to succeed. At it turns out, identifying the “winners” is a less interesting exercise. During this time period, all UC schools became more selective, so that almost all applicants experienced a drop in their predicted probability of admission. At the more selective UC schools, the winners (those who experienced the smallest drop in their predicted probability of admissions) were largely those at the bottom of the applicant pool who had very little chance of being admitted regardless of the admissions rule. In contrast, at the less selective UC schools, the winners were largely those at the very top of the applicant pool who were almost certain to be admitted regardless of the admissions rule.24 23. See Table A.9 of our online appendix for details. 24. Nonetheless, for completeness, in our online appendix, Tables A.10 and A.11 show the average characteristics of winners.
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Income (2012 dollars) ∆ Admissions probability Admissions probability 1995–97



Observations



Parent college



High school GPA



SAT verbal



704 (35.2) 695 (35.7) 3.8 (0.33) 0.89 (0.32) 112,189 (38,012) –0.25 (0.06) 0.51 (0.17)



Losers SAT math



Berkeley



52,225



689 (41) 668 (43.6) 3.98 (0.29) 0.99 (0.08) 121,882 (29,263) –0.34 (0.04) 0.71 (0.13)



UCLA



Table 3 The Biggest Losers Versus All Applicants, Non-URMs



52,194



660 (54.4) 616 (69.3) 3.74 (0.23) 0.99 (0.11) 126,983 (20,122) –0.40 (0.05) 0.72 (0.15)



UCSD



38,544



626 (60.8) 596 (63.4) 3.4 (0.37) 0.97 (0.17) 131,677 (15,865) –0.26 (0.05) 0.70 (0.17)



UCD



39,498



594 (88.5) 489 (68.6) 3.47 (0.38) 0.55 (0.50) 59,199 (40,732) –0.36 (0.05) 0.69 (0.15)



UCI



43,166



623 (65.7) 574 (77.3) 3.23 (0.34) 0.97 (0.17) 113,142 (35,058) –0.62 (0.05) 0.81 (0.10)



UCSB



26,529



536 (62) 537 (75.4) 3.03 (0.14) 1 (0) 105,969 (38,975) –0.25 (0.03) 0.67 (0.11)



UCSC



(continued)



25,143



522 (79.5) 490 (77.1) 3.66 (0.35) 0.37 (0.48) 38,034 (26,568) –0.02 (0.02) 0.91 (0.13)



UCR
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238,318



Observations



269,455



635 (81.5) 591 (92.6) 3.76 (0.47) 0.72 (0.45) 91,276 (45,058) –0.16 (0.12) 0.42 (0.33)



UCLA



261,018



630 (80.9) 589 (90.1) 3.72 (0.47) 0.73 (0.44) 93,821 (44,041) –0.17 (0.14) 0.60 (0.36)



UCSD



196,470



616 (83.3) 573 (91.8) 3.66 (0.48) 0.70 (0.46) 93,439 (44,053) –0.10 (0.11) 0.72 (0.30)



UCD



200,244



614 (86.3) 561 (92.8) 3.61 (0.49) 0.67 (0.47) 85,204 (44,881) –0.18 (0.13) 0.76 (0.28)



UCI



216,014



607 (82.2) 573 (87.3) 3.58 (0.48) 0.74 (0.44) 97,163 (42,863) –0.33 (0.21) 0.83 (0.24)



UCSB



132,693



597 (83.1) 571 (91.6) 3.51 (0.48) 0.73 (0.45) 94,535 (43,288) –0.11 (0.09) 0.86 (0.16)



UCSC



125,954



591 (88.6) 539 (90.3) 3.47 (0.47) 0.64 (0.48) 84,035 (44,794) 0.03 (0.05) 0.86 (0.16)



UCR



Notes: “Losers” are the twenty percent of non- URM applicants whose predicted probability of admission fell the most. “All” are all applicants. Sample includes all non- URMs applicants to each school from 1995–2006.
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Income (2012 dollars) ∆ Admissions probability Admissions probability 1995–97



Berkeley



649 (77.3) 608 (91.9) 3.82 (0.45) 0.75 (0.44) 93,112 (44,648) –0.09 (0.11) 0.34 (0.25)



All SAT math
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C. The effect on the pool of admitted students An obvious concern is whether the decreased emphasis on SAT scores (and / or their correlates) and the increased emphasis on high school GPA and family background (and / or their correlates) negatively affected the average quality of admitted students. To examine this issue, we use the estimated admission rule for the 1995–97 cohort to identify the pool of likely URM and non- URM admits given the 1995–1997 admission rate for each racial group. Then, using this same group of students (those who applied in 1995–97), we identify the pool of likely admits using the 2004–06 estimated admission rule, but hold the admissions rate for URMs and non- URMs at their 1995–97 level.25 Doing so allows us to assess the effect of the changes in the weights given to SAT scores, high school GPA, and family background on the pool of likely admits, holding constant the characteristics of the applicant pool and overall selectivity.26 Table 4 presents our results for URMs.27 Beginning with the top row of Table 4, our results suggest that the change in the admissions policy between 1995–97 and 2004–06 led to a 20.4 point drop in the average SAT math scores of likely admits. In order to gauge the magnitude of this change, the third and fourth rows show the average SAT math scores and the standard deviation of math SAT scores of likely admits using the 1995–97 estimated admission rule. As the table reveals, math SAT scores fall by 3.4 percent (relative to the 1995–97 mean of 607.7), or about 29 percent of a standard deviation (relative to the 1995–97 standard deviation of 71.4). In addition, the drop in SAT verbal scores is of a similar magnitude. At UCLA, UCSD, and UCSB, the drop in SAT math scores and SAT verbal scores is about half as large as the drop for Berkeley, both in terms of the actual number of points and relative to the 1995–97 mean and standard deviation. At UCD and UCI, we also see a fall in SAT math and SAT verbal scores among predicted admits, though the magnitude is quite small. In addition, we find that the high school GPA of likely admits increases over time. As Table 4 indicates, the average high school GPA of likely admits at Berkeley increased by about 0.11 between 1995–97 and 2004–06, representing a 3 percent increase relative to the mean high school GPA among predicted admits in 1995–97, or about 27 percent of a standard deviation. The increase in the high school GPA among likely admits at UCLA is about half as large. We also see an increase at UCSD, though the magnitude is quite small, and changes to the estimated admissions rules at UCD, UCI, and UCSB yielded no discernible change in high school GPA. In terms of family background characteristics, among likely URM admits at Berkeley, the fraction of students who have at least one parent with a college degree declines by six percentage points (a 12 percent drop relative to the mean of 50 percent) and the average family income declines by $3,500 (a 7 percent drop relative to the mean of $52,500).28 Interestingly, the change in family background characteristics brought 25. In our online appendix, Table A.12 shows the probability that Equation 1 correctly predicts admits and nonadmits for each school over the entire 1995–2006 time period. 26. Our estimates are not sensitive to the application cohort we use to conduct these simulations. See our online appendix, Tables A.13–A.18. 27. We were unable to conduct this analysis for UCSC and UCR because we had complete data for a smaller fraction of applicants than were actually admitted, making it difficult to determine the pool of likely admits. 28. To obtain these numbers from Table 4, note that $3,500 = 0.7 × 50k, and $52,500 = 1.05 × 50k.
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Average



HS GPA change



Average



SAT verbal change



Average



SAT math change



0.11*** (0.01) 3.83 (0.41)



–26.0*** (1.4) 605.4 (73.2)



–20.4*** (1.4) 607.7 (71.4)



Berkeley



0.05*** (0.01) 3.80 (0.40)



–11.1*** (1.3) 582.7 (76.3)



–9.2*** (1.3) 586.5 (75.1)



UCLA



Table 4 Changes in the Characteristics of Predicted URM Admits



0.02** (0.01) 3.76 (0.41)



–8.3*** (1.6) 578.7 (82.7)



–9.2*** (1.5) 586.6 (77.7)



UCSD



0.00 (0.01) 3.52 (0.48)



–3.2** (1.5) 541.2 (87.2)



–3.1** (1.5) 549.0 (85.7)



UCD



0.00 (0.01) 3.56 (0.46)



0.8 (1.5) 537.8 (80.3)



–1.6 (1.6) 544.8 (82.3)



UCI



0.00 (0.01) 3.41 (0.46)



–6.8*** (1.3) 531.7 (82.1)



–8.0*** (1.3) 533.5 (81.3)



UCSB
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0.01*** (0.00) 2.98 (0.24)



–0.07*** (0.01) 1.05 (0.64)



–0.06*** (0.01) 0.50 (0.50)



–0.01* (0.00) 2.87 (0.24)



–0.06*** (0.01) 0.99 (0.63)



–0.06*** (0.01) 0.43 (0.50)



–0.01*** (0.00) 2.81 (0.25)



–0.09*** (0.01) 1.06 (0.64)



–0.06*** (0.01) 0.49 (0.50)



–0.01* (0.01) 2.60 (0.33)



–0.06*** (0.01) 0.98 (0.63)



–0.04*** (0.01) 0.43 (0.49)



–0.00 (0.01) 2.73 (0.29)



0.02 (0.01) 0.91 (0.62)



0.00 (0.01) 0.36 (0.48)



–0.02*** (0.00) 2.68 (0.28)



–0.10*** (0.01) 0.98 (0.63)



–0.07*** (0.01) 0.40 (0.49)



Notes: “Change” shows the change in the characteristics of URMs predicted to be admitted in 2004–06 relative to 1995–97 due to the change in the weights given to SAT scores, high school GPA, parental education, and parental income in predicting admissions (standard error in parentheses). “Average” shows the average characteristics of URMs predicted to be admitted in 1995–97 (standard deviation in parentheses). Conducted for students in the 1995–97 cohort, with the admission rate fixed at the 1995–97 URM admission rate. *** p < 0.01, ** p < 0.05, * p < 0.10. a. Predicted, see text for details.
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about by the changes in the estimated admissions rule at UCLA, UCSD, UCD, and UCSB is similar in magnitude to the change at Berkeley. Thus, several broad patterns emerge from Table 4. First, the most salient changes in the pool of predicted admits occurs at the most selective UC schools. Second, balancing the moderate fall in the SAT scores was an increase in the high school GPA of predicted URM admits. Finally, across all UC campuses, predicted URM admits increasingly came from relatively disadvantaged backgrounds. Together, these results suggest that the changes in UC’s admissions policies over time have lead to a meaningful shift in the composition of the student body. As a way to examine the likely impact of these compositional changes on college performance, we predict the first- year college GPA of likely admits based on their academic and family background characteristics. In particular, using the pool of students that enrolled at each campus in the 1995–97 cohort, we regress first- year college GPA on SAT scores, high school GPA, parental income, parental education, and intended major. We then use the results of this regression to predict, for each likely admit at each campus, expected first- year GPA. Table 4 presents the change in predicted firstyear college GPA of likely admits due to the changes in the weights given to SAT scores, high school GPA, and family background between 1995–97 and 2004–06. Note that since the weights used to calculate predicted first- year college GPA are the same for all students, this exercise is best seen as a way to summarize the changes in SAT scores, high school GPA, and family background characteristics brought about by the changes in the admissions process over time. As the table suggests, there is almost no change in expected first- year college GPA. The stability of first- year college GPA is driven by the fact that the deleterious effect of the fall in the SAT scores of predicted admits is counterbalanced by the increase in high school GPA. As it turns out, the changes in the characteristics of likely non- URM admits are very similar to the changes in the characteristics of likely URM admits.29 Thus, the patterns revealed in Table 4 are not specific to one racial group but rather reflect broader changes in the characteristics of predicted admits. As a robustness check, we examine whether the stability of predicted first- year GPA is sensitive to whether we allow the predictors of first- year GPA to vary by application cohort and race, and we find no qualitative changes in our findings. This finding is important because if the changes we find in the estimated admissions rule are driven by changes in the relationship between observable and unobservable student characteristics, then predicted first- year college GPA is likely be sensitive to the time period in which estimate the relationship between student characteristics and first- year college GPA. In addition, we also examine predicted cumulative college GPA, the predicted probability of finishing a bachelor’s degree, predicted time to degree (in quarters), and intended major at the time of application, and again find no meaningful changes in any of these measures of college performance.30 Finally, as an additional robustness check, we examine how the academic ability of actual admits changed over time and find no evidence of a drop in academic ability after the end of race- based affirmative action.31 29. See Table A.19 of our online appendix. 30. See Tables A.20–A.27 of our online appendix. 31. See our online appendix for details.
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Several caveats are worth mentioning. First, although we do not find evidence of a change in predicted college performance, we emphasize that this stability masks a substantial compositional change in the student body, and it’s possible that this compositional change is important in ways we are unable to measure. In addition, although the predicted college performance of the average likely admit remains stable after Prop 209, it is possible that there were more substantial changes in the quality of the marginal admit. Unfortunately, when we use our model to assess the changes in the quality of the marginal admit (for example, by looking at student quality among the bottom 20 percent of predicted admits), our results are not stable across campuses and application cohorts so we are unable to draw any definitive conclusions.32



V. Summary Preventing universities from using race as an explicit criterion in admissions does not prevent universities from valuing diversity, and a natural response to bans on race- based affirmative action is the adoption of admissions policies that increase diversity by increasing the admissions advantage given to students who possess characteristics that are correlated with being from an underrepresented group. In this paper, we provide evidence that UC schools responded to California’s ban on race- based affirmative action in exactly this way, by decreasing the weight placed on SAT scores and increasing the weight given to high school GPA and family background characteristics in determining admissions. In addition, we find that the changes in the weights given to student characteristics substantially increased the fraction of minority students predicted to be admitted. For example, although the admission rate of URMs remained well below its pre- Prop 209 level, our estimates suggest that at Berkeley as much as 28 percent of the admissions advantage lost by URMs after Prop 209 was restored through changes to their admissions process. In addition, these changes to the admissions process had a meaningful effect on the composition of admitted students. For both URMs and non- URMs, the biggest losers (in terms of their predicted probability of admission) were those with relatively strong academic credentials. Thus, URMs were not uniformly hurt by the elimination of race- based affirmative action, and, correspondingly, non- URMs did not uniformly benefit. On balance, we find that the new policies led to a modest decrease in the average SAT scores of admitted students and a modest increase in their high school GPA. In addition, admitted students were more likely to be from relatively disadvantaged families. Nonetheless, we find almost no change in the predicted first- year college GPA of likely admits. Thus, while the characteristics of admitted students changed, it is not clear that overall student quality declined. From a policy perspective, this paper provides fodder to both sides of the affirmative action debate. Proponents of race- based affirmative action will point to the fact that the new admissions policies adopted by the UC did not do enough to restore racial diversity and that the biggest losers from the elimination race- based affirmative action were those with relatively strong academic credentials. On the other hand, opponents 32. The instability of our estimates is likely driven by the small number of URM admits, especially after Prop 209.
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of race- based affirmative action will point to the fact that UC schools were able to increase both racial and socioeconomic diversity through the use of color- blind alternatives while maintaining overall student quality.
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